Surgical Skill Level Classification Based on Surgical Tool
Movements Using IMU Sensors
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Background Experimental Setting

Objective evaluation of surgical skills is important
for training and assessment of the surgical community.
Given the limited time and resources for medical
education, a reliable system for autonomously & f
evaluating skill level is needed. , ’
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Our work aims to:
= Set up a low-cost data collection system
= Autonomously and objectively evaluate surgical

, Experimental set-up
e O degree-of-freedom inertial
measurement unit (IMU sensor:

Adafruit BNOO55) attached to a
needle driver and forceps

Task requirement:
e Suturing
e 10 stitches
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Goal of this study:
= (Classify surgical skill level into expert and novice

*Data were collected according to a UCLA IRB-
approved protocol.

- One IMU on the needle driver
- One IMU on the forceps

Methods and Results
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